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Abstract

Thetaskof namedentity annotationof unseen
text hasrecentlybeensuccessfullyautomated
with near-humanperformance.
But thefull taskinvolvesmorethanannotation,
i.e. identifying thescopeof each(continuous)
text spanandits class(suchasplacename).It
also involvesgroundingthe namedentity (i.e.
establishingits denotationwith respectto the
world or a model). The latteraspecthasso far
beenneglected.

In this paper, we show how geo-spatialnamed
entitiescanbe groundedusinggeographicco-
ordinates,and how the resultscan be visual-
ized usingoff-the-shelfsoftware. We usethis
to comparea “textual surrogate”of a newspa-
per story, with a “visual surrogate”basedon
geographiccoordinates.

1 Intr oduction

The task of named entity annotationof unseentext
has recently been successfully automated, achiev-
ing near-human performanceusing machine learning
(ZhengandSu,2002). But many applicationsalso re-
quire grounding – i.e., associatingeachclassi�ed text
spanwith a referentin theworld or somemodelthereof.
The currentpaperdiscussesspatialgroundingof named
entitiesthatmaybereferentiallyambiguous,usingamin-
imality heuristicthat is informedby externalgeographic
knowledgesources.We thenapplytheseideasto thecre-
ationof “visual surrogates”for newsarticles.

Thispaperis structuredasfollows: Section2 discusses
how spatialnamedentitiescanbegroundedandhow this
interactswith their extractionandapplications.Section
3 describesa geo-spatialresolutionalgorithm.Section4
shows how mapscanbe automaticallyconstructedfrom

named-entitytaggednewswire text usingresolvedplace
names,henceintroducinganew, graphicaldocumentsur-
rogate.Section5 dealswith theusefulnessof grounded
namedentitiesfor questionanswering.Section6 presents
somerelatedwork, andSection7 concludesthis paper.

2 Spatial Grounding

Gazetteersarelargelistsof namesof geographicentities,
usuallyenrichedwith further information,suchas their
class(e.g., town, river, dam, etc.), their size, and their
location (i.e. with respectto somerelative or absolute
coordinatesystemsuchaslongitudeandlatitude).

AppendixA identi�es somepublicly availablesources.
UN-LOCODE is the of�cial gazetteerby the United
Nations;it is alsofreely availablefrom theUNECEWeb
site1 and containsmore than 36 000 locations in 234
countries(UNECE,1998). The Alexandria Gazetteer
(Smithet al., 1996; Frew et al., 1998) is anotherdatabase
of geographicalentities, including both their coor-
dinates and relationshipssuch as: in-state-of ,
in-province-of , in-county-of ,
in-country-of , in-region-of , part-of
andformerly-known-as .

To date,NamedEntity Recognition(NER) hasonly
usedgazetteersasevidencethatatext spancouldbesome
kind of placename(LOCATION), eventhoughtheir �nite
naturemakeslists of namesof limited usefor classi�ca-
tion (Mikheev etal., 1999). Herewe usethemfor spatial
grounding– relatinglinguisticentitiesof subtypeLOCA-
TION (GrishmanandSundheim,1998) to theirreal-world
counterparts.

“World Atlases”andthegazetteersthatindex themare
not the only resourcesthan can be usedfor grounding
spatial terms. In biomedicine, there are are several
brainatlasesof differentspecies,usingvariousdifferent
techniques,and focussingon both normal and disease
state; as well as a digital atlas of the human body

1 http://www.unece.org/cefact/locode/service/main.htm
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Figure1: Groundingan XML Ontologyin Voxels: The
MouseAtlas (Baldocket al., 1999).

basedon data from the Visible Human project. Such
atlasesand the nomenclaturesthat label their parts,
provide an important resourcefor biomedicalresearch
and clinical diagnosis. For example, the MouseAtlas
(Ringwaldet al., 1994) comprises a sequenceof 3D
(volumetric) reconstructionsof the mouseembryo in
eachof its 26 Theiler Statesof development. Indexing
it is an part-of hierarchyof anatomicalterms(such
asembryo.organsystem.cardiovascularsyste m-
.heart.atrium ), called the Mouse Anatomical
Nomenclature(MAN). Eachterm is mappedto one or
more setsof adjacentvoxels2 that constitutethe term's
denotationin theembryo.Figure1 illustratethis linkage
(using2D cross-sections)in theEMAGEdatabase.3

Justasonemight �nd it usefulfor informationextrac-
tion or questionansweringto groundgrographicterms
foundin previouslyunseentext, onemayalso�nd it use-
ful to groundanatomicaltermsin previouslyunseentext.
Oneexampleof thiswouldbein providingsupportfor the
curationof theGeneExpressionDatabase(GXD).4 This
supportcouldcomein theform of a namedentity recog-
nizerfor anatomicalpartsin text, with groundingagainst
theMouseAtlas, usingthegazetteer-like informationin
theMAN.

So what is the relationshipbetweena place name
gazetteerlike UN-LOCODEandtheMouseAtlas? The
MAN is structuredin a similar part-of hierarchyto
thatof geographicallocations:

USA embryo
California organsystem

SanMateoCounty cardiovascularsystem
RedwoodCity heart

Becausebothgazetteerslike UN-LOCODEandbiomed-
ical atlaseslike theMouseAtlas provide spatialground-
ing for linguistic terms(Figure 2), both canbe usedto
reasonaboutspatio-temporalsettingsof a discourse,for
instance,to resolvereferentialambiguity.

2 Pixelsarepointsin the2D plane
�

x, y � ; voxelsare3D gener-
alizationsof pixels

�

x � y� z� .
3 http://genex.hgu.mrc.ac.uk/Emage/database/intro.html
4 http://genex.hgu.mrc.ac.uk/Resources/GXDQuery1/

3 Place-NameResolutionfor Inf ormation
Extraction

Therearemany placesthatsharethesame(Berlin, Ger-
many � Berlin, WI, USA) or similar names(York, UK

� New York, USA), usually becausehistorically, the
foundersof anew town hadgivenit asimilaror thesame
nameastheplacethey emigratedfrom.

When ambiguousplacenamesare usedin conversa-
tion or in text, it is usuallyclearto thehearerwhat spe-
ci�c referentis intended.First, speaker andhearerusu-
ally sharesomeextra-linguisticcontext andimplicitly ad-
hereto Grice's Cooperative Principleandthe “maxims”
thatfollow, whichrequireaspeakerto providemoreiden-
tifying informationabouta locationthat the recipientis
believedto beunfamiliar with. Secondly, linguistic con-
text can provide clues: an accidentreport on the road
betweenPerthandDundeepromotesaninterpretationof
Perthin Scotland,while anaccidenton theroadbetween
PerthandFreemantlepromotesaninterpretationof Perth
in WesternAustralia.Computers,whichareboundto se-
lect referentsalgorithmically, canexploit linguistic con-
text moreeasilythanextra-linguisticcontext, but eventhe
useof linguisticcontext requires(asalways)somesubtle
heuristicreasoning.

Groundingplacenamesmentionedin a text cansup-
porteffectivevisualization– for instance,in amultimedia
documentsurrogatethatcontainstextual, videoandmap
elements(e.g. in a questionansweringscenario),where
wewantto ensurethatthevideoshowstheregionandthe
mapis centeredaroundtheplacesmentioned.

To make use of linguistic context in resolving am-
biguousplacenames,we apply two different minimal-
ity heuristics(GardentandWebber, 2001). The �rst we
borrow (slightly modi�ed) from work in automaticword
sensedisambiguation(Galeet al., 1992), calling it “one
referentper discourse”. It assumesthat a placename
mentionedin a discourserefers to the samelocation
throughoutthe discourse,just as a word is assumedto
beusedin thesameonesensethroughoutthediscourse.
Neitheris logically necessary, andhencebotharesimply
interpretationalbiases.

Thesecondminimality heuristicassumesthat,in cases
wherethereis morethanoneplacenamementionedin
somespanof text, the smallestregion that is able to
groundthewholesetis theonethatgivesthemtheir inter-
pretation.5 This canbeusedto resolve referentialambi-
guity by proximity: i.e.,notonly is theplacenameBerlin
taken to denotethe sameBerlin throughouta discourse
unlessmentionedotherwise,6 but sodoesaPotsdammen-

5 Probablythesmallerthespan,themoreoftenvalid will this
heuristicbe.
6 This paperis a rareexceptiondueto its meta-linguisticna-
ture.
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Gazetteer NamedEntity Grounding RealWorld
UN-LOCODE Novosibirsk � 55°02� N; 82°55� E� (Novosibirsk)

(longitude/latitude)
MouseAtlas atrium ��� 345,2, 345� ; 	
	�	
� (partof theheart)

(setof voxels)

Figure2: ComparisonbetweenSpatialGroundingin UN-LOCODEandtheMouseAtlas.
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Figure3: A Place-NameResolutionMethod.

tionedtogetherwith a Berlin uniquelyselectthe capital
of Germany asthelikely referentfrom thesetof all can-
didateBerlins.7

To illustrate this “spatial minimality” heuristic,con-
sider Figure 3: Assumethat a mentionof placeA in a
text could either refer to A

�

or A
� �

. If the text alsocon-
tainstermsthatgroundunambiguouslyto I , J, andK, we
assumethereferentof A is A

�

ratherthanA
� �

becausethe
formerleadsto a smallerspatialcontext.

To usethis “spatialminimality” heuristic,we startby
extracting all placenamesusing a namedentity recog-
nizer. We thenlook up the “confusionset” of potential
referentsfor eachplacename,e.g. for Berlin: � Berlin,
FRG (Germancapital); Berlin, WI, USA; Berlin, NJ,
USA; Berlin, CT, USA; Berlin, NH, USA; Berlin, GA,
USA; Berlin, IL, USA; Berlin, NY, USA; Berlin, ND,
USA; Berlin, NJ,USA � . Eachmemberof thesetof po-
tential referentsis associatedwith its spatialcoordinates
(longitude/latitude),usinga gazetteer. We thencompute
thecross-productof all the confusionsets. (Eachmem-
ber of the cross-productcontainsonepotentialreferent
for eachplacename,alongwith its spatialcoordinates.)
For eachmemberof the cross-product,we computethe
areaof the minimal polygon boundingall the potential
referents,and selectas the intendedinterpretation,the
onewith the smallestarea.8 The resultingbehaviour is

7 despitethe fact that most placesnamedBerlin are in the
UnitedStates
8 Onecan approximatethis, eitherby computingthe sum of

�

Berlin; Potsdam��� � Berlin, FRG(Germany)
�

Fairburn;Berlin ��� � Berlin, WI, USA
�

WestBerlin; Bishops;Dicktown ��� � Berlin, NJ,USA
�

Kensington;Berlin; New Britain ��� � Berlin, CT, USA
�

Copperville;Berlin; Gorham��� � Berlin, NH, USA
�

Moultrie; Berlin ��� � Berlin, GA, USA
�

Berlin; Prouty ��� � Berlin, IL, USA
�

Berlin; Berlin Center;Cherryplain��� � Berlin, NY, USA
�

Medberry;Berlin ��� � Berlin, ND, USA

Figure 4: Spatial ReferenceResolutionUsing Spatial
Minimality.

shown in Figure4: dependingoncontextually mentioned
otherplaces,a differentBerlin is selected.

Thevalueof thisheuristicneedsto beassessedquanti-
tatively againstvarioustypesof text.

In resolvinganatomicaldesignatorsin text, we may
employ a variation of the spatial minimality heuristic,
basedon the fact that no listing will ever be complete
with respectto all theexisting or new-mintedsynonyms
for anatomicalterms.

Whengroundingtheanatomicaltermsin thetext

In subsequentstagesuntil birth, cytokeratin 8
continuesto be expressedin embryonictaste
budsdistributedin punctuatepatternsat regu-
lar intervalsalongrowsthataresymmetrically
locatedon both sidesof the mediansulcusin
thedorsalanteriordevelopingtongue.

we �nd no mediansulcuswithin the MAN, only alveo-
lar sulcus, optic sulcus, pre-otic sulcus, sulcuslimitans
andsulcusterminalis. We just assumethat all anatomi-
cal termsreferto previously recognizedanatomicalenti-
ties, just aswe assumethatall geographictermsrefer to
existing geographicentitiesandnot, for example,some
new town called“Berlin” or “London” that is not yet in
the gazetteer. Hencemediansulcusis assumedto be a
synonym for oneof the � ve sulci given in theMAN. At
this point, we can invoke the spatialminimality heuris-
tic, lookingfor theminimalboundingspacethatincludes
tongueand one of the � ve sulci, hereyielding “sulcus
terminalis”. Thusthespatialminimality heuristicis here

pairwisepoint-pointdistances,or symbolically, usinga hierar-
chicalgazetteer's relations,suchasin-region-of .



usedwith otherassumptionsto resolve missingor previ-
ouslyunseenterms.

4 Visualization of Geo-SpatialAspectsin
Narrati ve

The usefulness of visual representations to
convey information is widely recognized (cf.
(Larkin andSimon,1987)). Here,we usethe grounding
of named entities in news stories to create a visual
surrogatethatrepresentstheir “spatialaboutness”.

Two news storieswereselectedfrom online newspa-
person thesameday(2003-02-21):onestory(Appendix
B) reportsthe tragic deathof a babyfrom Londonin a
Glasgow hospitaldespite�ying it to a Glasgow special-
ist hospitalin theRoyal aircraft (BBC News,2003), and
theotherreport(AppendixC) describesthesearchof the
Californianpolice for a pregnantwomenfrom Modesto,
CA, whohasdisappeared(TheMercuryNews,2003).

We usethe term “surrogate”to refer to a partial view
of a text (e.g. (Leidner, 2002)). Figure 5 shows a tex-
tual surrogatein the form of all placenamesfound in a
text: ananalystwhowantsto geta quick overview about
thelocationsinvolvedin someitemof newsreportage,to
decideits local interestor relevance,might �nd sucha
surrogatehelpful,althoughthesourcewouldstill haveto
beskim-read.

Story A

... Scotland... Tooting... London... Glasgow ... London
... Glasgow ... Northolt ... Glasgow ... Britain ... Prestwick

... Tooting... Glasgow ... UK ... (Glasgow) ...

Story B

Modesto... (SouthernCalifornia)... (Modesto)... Los
Angeles... Sacramento... Berkeley (Marina)... Fresno

... Oakland... Modesto... Los Angeles... Southern
California... Modesto... SouthernCalifornia... New York

... Long Island...

Figure5: A TextualGeo-SpatialDocumentSurrogatefor
theStoriesin AppendicesB andC.

We now comparethis “baseline”textual surrogateto a
graphicalmaprepresentationthatdrawson thealgorithm
introducedbefore.Oursimplevisualisationmethodcom-
prisesthe following components(Figure 6): an (open-
domain) news item is fed into locotagger, our sim-
ple namedentity taggerfor placenamesbasedon UN-
LOCODE.9 It recogniseslocationnames,resolvesmul-
tireferentialplacenamesandlooksup thecoordinates:

9 For the experimentreportedhere, we also useddata from
http://www.astro.com/cgi/aq.cgi?lang=e.

Named Entity
Tagging

Generator
Map

Newswire Text

Graphical Map

Longitute/
LookupLatitude

Placename
Resolution

Figure6: SystemArchitecture.

Scott, more than a dozen news crews
from <ENAMEXtype="LOCATION" longitude=
"-118.25" latitude="34.05">Los
Angeles</ENAMEX> to <ENAMEXtype=
"LOCATION" longitude="121.5"
latitude="38.583333">Sacramento
</ENAMEX> camped out front.

Fromthetext we obtaina vectorof typesof all spatial
namedentitieswith their frequency of occurrencein the
text:

��

�

�

�

�

�

�

�

�

UK : 1
Scotland: 1
Tooting : 2
London: 2
Glasgow: 5
Northolt : 2
Prestwick : 1
Britain : 1

���

�

�

�

�

�

�

�

�

��

�

�

�

�

�

�

�

�

�

�

Modesto : 3
SouthernCali f ornia : 2

LosAngeles: 2
Sacramento : 1

Berkeley : 1
Fresno: 1

Oakland: 1
NewYork : 1

LongIsland: 1

���

�

�

�

�

�

�

�

�

�

�

For simplicity, we drop thosethat correspondto regions
(which are representedby setsof points) and feed the
remaininglist of point coordinates(corresondingto vil-
lagesandcities) into a mapgeneratorto generatea Mer-
catorprojectionof thegeographicalareathatincludesall
thepointsplus10%of thesurroundingarea.For this,The
GenericMap Tools (GMT)10 wereused,in this casevia
HTTP.11

Figure7 shows theresultingmapfor thestory in Ap-
pendixB12 Figure9 shows themapfor thestory in Ap-
pendixC. Clearly, suchavisualsurrogateis superiorwith
respectto comprehensiontime thanthetextual surrogate
presentedbefore. It is interestingso seewhat happens
if we leave out the �nal paragraphfor the mapcreation
(Figure8): we obtaina “zoomed-in”versionof themap.
This turnsout to be thecasefor many storiesandis due
to theconventionof newsreportageto closeareportwith
linking thenarrative to similar eventsin orderto present
theeventin awidercontext.
10 http://gmt.soest.hawaii.edu/
11 http://stellwagen.er.usgs.gov/mapit/
12 Placenamesthataretoosmallto becontainedin thegazetteer
(Tooting/Northold)areignored.
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(Shanon,1979) discusseshow the granularity of the
answersto where-questionsdependson the reference
pointsof speakerandlistener(Where is theEmpire State
Building?– (a)In New York, (b) In theU.S.A, (c) On34th
Streetand3rd Avenue); themapgenerationtaskdepends
on suchlevelsof granularityin thesensethat to createa
usefulmap,entitiesthatbelongto thesamelevel of gran-
ularity or scaleshouldbe marked (e.g. city–city rather
thanvillage–continent).

5 QuestionAnswering

Usinggroundingknowledgein gazetteersalsoenablesus
to answerquestionsin naturallanguagemoreeffectively:

1. Whatis X?
Q: Whatis Kangiqsualujjuaq?
A: Kangiqsualujjuaqis a placeapproximately1500kilo-
meters north of Montreal, Canada. (For some place
names,many humanscannottell they referto places.)

2. Where is X?
Q: Where is Canneslocated?
A: [shouldyield a surrogatebasedon textual descriptions
generatedfrom thegazetteerrelations:
X is-type Y, X part-of Z andthecoordinates,plusa
mapasgeneratedabove,with additionalimages,e.g.from
satellitesor picturesearchenginesasavailable.]

3. WhatX is Y part of?
Q: Whatis `BadBergzabern'part of?
A: BadBergzabernis part of theFederal Republicof Ger-
many.
Q: Is Andorra la Vella part of Spain?
A: No,Andorra la Vella belongsto Andorra.

4. How far is X fromY?
Q: How far is Cambridge fromLondon?
A: ThedistancebetweenLondon,England,UnitedKing-
domandCambridge, England,UnitedKingdomis 79 km
(49milesor 43nauticalmiles).
Note here that the spatial minimality heuristic resolves
CambridgeandLondonto placesin the UK ratherthan,
say, London, Ontario, Canadaand Cambridge,Mass.,
USA. However theanswermakesclearthe preciseques-
tion beingadressed,so theusercanfollup up with a dif-
ferentquestionif this wasnotwhatheor sheintended.

Since sophisticatedgazetteersare available, answering
suchquestionsshouldnot bebasedon textual extraction
from Internetsources,but bebasedon thegazetteersdi-
rectly, which reducesnoise.

6 RelatedWork

Whereasa lot of work hasbeendonein theareaof spa-
tial databases(Shekharet al., 1999; Freytaget al., 2000;
Paredaens,1995; ParedaensandKuijpers,1998), little
attentionseemsto have beengivensofar to theproblem
of generatingmapsfrom text or annotatingmapswith in-
formationelicitedfrom unstructureddocuments.

The work presented here perhaps most closely
resembles that of (Mackinlay, 1986; Casner, 1990;
RothandHe�ey, 1993) who describesystemsthat gen-
eratemultimedial representations,potentially including
maps,but from a formalized knowledgesourcerather
thanunstructuredtext, and(Waldingeret al., 2002), who
describeGeo-Logica,a systemthat can transformre-
queststo seeaplace(formulatedin naturallanguage)into
a three-dimensionalaerialview.

7 Summary and Conclusion

Rich gazetteerscan be helpful in determiningunique
geospatialreferentsandhavemany applications.

Startingwith a descriptionof how spatialnamedenti-
tiescanbegroundedin thephysicalworld usinggazetteer
knowledgein two differentdomains,we have described
a heuristic methodto resolve place namesusing such
gazetteers.

We have thenappliedour methodto the taskof draw-
ing mapsfrom text automatically. These(geo-)graphical
documentsurrogatesgive anoverview aboutwhere a re-
portednews event takesplace. We do not know of pre-
viousattemptsto creategeographicalmapsautomatically
from unconstrainednewswiretext.

Many venuesfor further researchcan be conceived,
for instance,a �ner granularityof analysiscould reveal
morenamedentity classes(including e.g. brigdgesand
other artifacts)and their relative ortientation. Maps as
createdherecouldalsobeusedto produceananimation
from multipledocuments(with differenttime-stamps)on
thesametopic to illustratehow theimportanceof places
shiftsover time, which couldaid analystsin their timely
identi�cation of regionsof crisis.
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B Story Royal MercyFlight BabyDies

“We would like to saythankyou for all the careKhola has
received,” they saidin a statement.

“Wewishto thankthehospitalstaff in Glasgow andLondon,
theteamwhotransportedKhola,andtheQueenfor allowing the
useof herplane. We alsowish to thankeveryonewho prayed
for ourdaughter.”

Khola wastakento Yorkhill HospitalAn RAF Herculeshad
initially beenscheduledto takethebabyto Glasgow lastmonth.
However, it bursta tyreasit landedat Northolt.

It wasthendecidedto �y thebabyandthemedicalteamto
Glasgow in anaircraftfrom theRoyal Squadron.

Thefour-engineBritish Aerospace146wasthesameaircraft
usedfor theQueen's JubileeTourof Britain lastyear.

A Royal Navy helicopterat Prestwickwas mobilisedand
�o wn in badweatherto RAF Northoltwherethespecialistmed-
ical teamon boardwastransferredto St George's Hospital in
Tooting.

Thebabywasstabilisedin anincubatorthroughoutthenight
beforethetransferto Glasgow. Doctorsat Yorkhill saidKhola
hadbeenin needof respiratorysupport.

Four hospitalsin the UK canprovide extracorporealmem-
braneoxygenation(ECMO) for breathingdif�culties, but Glas-
gow wastheonly hospitalableto accommodateKhola.

Theprocessinvolvestakingthebaby'sbloodoutof thebody,
throughanarti�cial lung andpumpingit backin, allowing the
baby's lungsto rest. �

C Story NewsCrewsWait andWatch as
PoliceSearch Homeof Missing Woman

Themediacircuswasonly thelatestin a long line thathave
sprungup aroundhigh-pro�le criminal cases,wherethe news
is scantbut the demandfor information – even the smallest
morsel– soarsoff the charts. “Peoplehave beeninterestedin
this type of story sincepre-biblical times,” saidJoeSaltzman,
associatedeanat theAnnenberg Schoolfor Communicationsat
theUniversityof SouthernCalifornia. “We live in a globalvil-
lagewhereeveryoneis our neighbor, andthis is an interesting
storyabouta manwhosepregnantwife is kidnapped.”

As Modesto police completedtheir secondday combing
through the home that missing mother-to-be Laci Peterson
sharedwith herhusband,Scott,morethana dozennews crews
from LosAngelesto Sacramentocampedoutfront. Many of the
reportershuddledunderatenthastilyerectedby onereporteras
it rainedandhailed.

Detective DougRidenoursaidWednesdaythat investigators
hadcompletedtheirwork, removing about95bagsof evidence.
On Tuesday, Amy Rocha,thesisterof themissingwoman,ac-
companieddetectivesinto themodestthree-bedroomhomefor
abouttwo hours.But onWednesday, investigatorsworkedalone
– completingtheir taskabout5 p.m. They alsoplannedto do a
walk-throughwith ScottPeterson.

“We've beenable to accomplisha lot,” Ridenourtold re-
portersat the Petersonhouse. “But hereat this point we just
don't have the signi�cant evidencewe needto �nd Laci or to
move in anotherdirection.”

Ridenourwould not reveal when detectives would analyze
whatthey took away or whenthey would releasea detailedde-
scriptionof whatthey found.

He alsorepeateda familiar refrain: ScottPetersonis not a
suspect,but he hasnot beenruled out asone. Suspicionhas
hoveredover Petersonsincehis wife vanishedDec. 24, a day
hesaidhewas�shing at theBerkeley Marina85 milesaway.

[...]
Kornberg, whois bestknown for representingamanthepub-

lic lovedto hate—Joey Buttafuoco,whohada torrid affair with
Long Island teenagerAmy Fisher– said the only way to end
suchsideshows is to convert theAmericansystemof justice“to
theEnglishsystem,whereyou announcethe arrestof an indi-
vidualandthenyou announcetheverdictwhenit' sover.” �


